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Abstract: This project presents a smart AI-based mental wellness assistant developed to offer 
personalized support for mental health through an interactive web platform. The system uses 

advanced machine learning techniques to analyze users’ emotions, behaviors, and individual 

mental health requirements. By integrating natural language processing and sentiment analysis, 
it can understand user inputs and respond with tailored suggestions, coping mechanisms, and 
timely emotional assistance. 

The primary goal of this platform is to make mental health support more accessible and user-
friendly, helping individuals receive guidance whenever they need it. At the same time, the system 

is designed with strong privacy measures to ensure that user data remains secure and 

confidential. Overall, this solution aims to bridge the gap between technology and mental 
healthcare by providing reliable, real-time support in a safe digital environment. 
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1. INTRODUCTION 

Mental health plays a vital role in overall well-being, yet many people struggle to access proper 

support due to factors such as social stigma, limited resources, and high costs. With the rapid 
growth of digital technology, Artificial Intelligence (AI) offers a promising solution to bridge this 

gap. Unlike traditional mental health services that depend heavily on human professionals and 

may not always be available in urgent situations, AI-based systems can provide instant, 
personalized, and scalable assistance. In this context, this paper presents a Smart Personalized 

Mental Wellness Assistant that utilizes machine learning and natural language processing to 

understand user inputs and deliver meaningful emotional support. The system aims to help 

individuals effectively manage stress, anxiety, and other mental health challenges through real-
time, interactive communication. 
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2. LITERATURE  SURVEY 

Recent developments in Artificial Intelligence have significantly contributed to the evolution of 

intelligent mental health support systems. In the early stages, most solutions relied on static 

content, offering general wellness tips without considering individual user needs, which limited 

their effectiveness. Over time, the integration of machine learning enabled these systems to 
analyze user data and deliver more personalized recommendations. Additionally, Natural 

Language Processing (NLP) has enhanced the ability of such systems to interpret human emotions 

through text, with sentiment analysis helping classify user feelings into categories like positive, 
negative, or neutral. Although many studies have introduced AI-based chatbots for mental health 

assistance, most of these systems are still limited in capability, often lacking advanced 
functionalities such as detecting critical situations or analyzing long-term behavioral patterns. 

3. PROPOSED  SYSTEM 

The proposed system is an AI-powered web application developed to offer comprehensive and 

personalized mental wellness support. It is designed to create an interactive and user-friendly 
experience while addressing various mental health concerns effectively. The system integrates 

multiple technologies to ensure smooth communication, intelligent analysis, and secure handling 
of user information, making it a reliable digital solution for mental health assistance. 

The architecture of the system is organized into multiple layers for efficient functioning. The 

presentation layer provides an intuitive user interface built with React.js, allowing seamless 

interaction between the user and the platform. The application layer manages core functionalities, 
including processing user requests and handling system operations. The AI processing layer plays 

a crucial role by analyzing user input through natural language processing techniques, identifying 

emotional states, and generating meaningful responses. Finally, the data layer ensures that all user 
information is stored securely, maintaining privacy and confidentiality.The system offers several 

key features such as a real-time AI chatbot for continuous interaction, emotion detection through 

NLP, and personalized wellness recommendations based on user behavior. It also includes 
advanced capabilities like crisis detection and alert mechanisms to handle critical situations 

effectively. The working process begins when a user provides input, which is then processed and 

analyzed for sentiment. Based on the identified emotional state, the system generates appropriate 
responses and offers tailored suggestions to support the user’s mental well-being. 

 

Fig1: Proposed system 



Journal of Computer and Electrical Sciences (JCES)- Volume-1 Issue-4, April 2026  

ISSN: 3049-2602(Online)  

 
 
 

https://doi.org/10.5281/zenodo.19605284 

4. METHODOLOGY 

1. Data Collection: The process begins with collecting relevant data such as mental health 

conversations, sentiment-labeled text, user interaction logs, and wellness resources. This helps 
the system understand different emotional situations. 

2. Data Preprocessing:  The collected data is cleaned and prepared by removing unnecessary 

information, normalizing text, and breaking it into smaller parts. Stop words are also removed to 
improve accuracy. 

3. Sentiment Analysis: The system analyzes user input to identify emotions. It classifies the text 
into positive, negative, or neutral categories for better understanding. 

4. Machine Learning Models: Different models like Logistic Regression, Support Vector 
Machine, and Neural Networks are used to improve prediction and analysis of user emotions. 

5. Recommendation System: Based on the analysis, the system suggests helpful activities such 
as relaxation techniques, mindfulness exercises, and useful mental health resources. 

6. Crisis Detection: The system detects critical situations by analyzing keywords and emotional 
intensity, and provides immediate support or alerts when needed. 

5. RESULTS AND DISCUSSION 

The system was evaluated across various scenarios to assess its overall performance and 

effectiveness. The results indicate that it achieves a high level of accuracy in sentiment detection, 

with values ranging between approximately 92% and 95%. It also demonstrates a quick response 
time of around 2–3 seconds, ensuring smooth and real-time interaction for users. Additionally, 

the system is capable of delivering meaningful and personalized recommendations based on the 

user’s emotional state. Key performance metrics such as precision and recall were also found to 
be consistently high, reflecting the reliability of the system in understanding and classifying user 
inputs. 

The findings highlight that the proposed system is effective in providing personalized mental 

health support through the integration of natural language processing and machine learning 

techniques. This combination enhances the quality of user interaction and makes the responses 

more relevant and supportive. The inclusion of a crisis detection mechanism further strengthens 
the system by adding an essential safety feature. However, the system’s performance is highly 

dependent on the quality and diversity of the datasets used, and it may require regular updates and 
improvements to maintain accuracy and adapt to evolving user needs. 
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Fig2: Home Page 

 

Fig2: Dashboard  page 

 

Fig3: Prompt  page 
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6. CONCLUSION 

This paper presents an AI-powered mental wellness assistant designed to deliver intelligent, real-

time, and personalized support to users. By integrating machine learning with natural language 

processing, the system can effectively understand user inputs, analyze emotional states, and 
respond with appropriate guidance. 

The proposed solution helps address major challenges in mental health care, including limited 

accessibility, social stigma, and delays in receiving support. By offering immediate and user-
friendly assistance, the system makes it easier for individuals to seek help whenever needed 
without hesitation. 

Overall, the system demonstrates strong potential as a scalable and practical solution for modern 

healthcare environments. It bridges the gap between technology and mental health services by 

providing continuous support, making mental wellness care more accessible and efficient for a 
wider population. 

7. FUTURE SCOPE 

Future improvements to the system can focus on making it more advanced and user-friendly. 
Integrating wearable devices is a key enhancement, as they can provide real-time health data like 

heart rate and activity levels, enabling more accurate analysis. The system can also be 

strengthened by incorporating advanced deep learning models, which are capable of identifying 

complex emotional and behavioral patterns, leading to better predictions and more personalized 
recommendations. 

Additionally, expanding the system to support multiple languages will make it accessible to a 
wider range of users. Introducing voice-based interaction can further improve ease of use by 

allowing more natural communication. Another important direction is the development of 

predictive mental health analytics, which can help detect potential issues early and provide timely, 
proactive support. 
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